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Abstract
Motivation: State the biological or computational problem and why it matters. What gap do existing methods leave?
Results: Summarise key findings in 2–3 sentences. Include quantitative outcomes where possible.
Availability and implementation: Software available at https://github.com/yourlab/yourproject (DOI: 10.5281/zenodo.XXXXXXX).

	1  INTRODUCTION
Name of your file should consist of surnames of the authors in a following way: Surname1-Surname2-Surname3. So the right name of this document is Smith-Doe-Bloggs
The conference follows the OUP Bioinformatics style: author-year citations (Smith et al., 2023)body, two-column A4, max 1 page including figures and references.
2  METHODS
2.1  Data
Describe datasets: source (e.g. UniProt 2024_05, NCBI RefSeq, GEO accession GSE000000), preprocessing, filtering criteria, and sample sizes. State ethical approvals where applicable.
2.2  Model
Present the core algorithmic contribution. Use numbered equations where helpful. Describe design choices and their rationale.
Provide sufficient detail for reproducibility. List hyperparameters, software versions, and hardware either here or in supplementary material.
2.3  Evaluation
Define metrics: AUROC, average precision, MCC, F1. Specify cross-validation strategy and multiple-testing corrections (Benjamini–Hochberg, FDR < 0.05).
3  RESULTS
3.1  Benchmark comparison
Report results objectively. Reference Table 1 and Fig. 1. Place each near its first mention in the text.
Table 1. Benchmark on held-out test set (mean±SD, n=5). Bold: best.
	Method
	AUROC
	F1
	MCC
	Time(s)

	BLAST
	0.743±.02
	0.681±.02
	0.612±.02
	4.2

	HMMER
	0.801±.02
	0.729±.02
	0.688±.02
	12.7

	DeepBind
	0.854±.01
	0.791±.01
	0.743±.01
	38.1

	Ours
	0.921±.01
	0.874±.01
	0.836±.01
	21.3


3.2  Ablation study
Report the contribution of individual model components. Each design decision yields a statistically significant improvement (paired t-test, p < 0.01).
	4  DISCUSSION
Interpret findings in the biological context. Explain why the proposed approach outperforms baselines. Discuss limitations openly: dataset scope, computational cost, generalisability.
Future directions include multi-omics extension and federated learning for privacy-preserving genomics.
5  CONCLUSION
Summarise the main contributions in 2–4 sentences. Restate the significance without introducing new information.
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